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RECOGNIZING DIFFERENT VERSIONS OF A
LANGUAGE

CROSS-REFERENCE TO RELATED
APPLICATION

Priority is hereby claimed to U.S. Provisional Application
No. 61/608,216, which was filed on Mar. 8, 2012. The con-

tents of U.S. Provisional Application No. 61/608,216 are .

hereby incorporated by reference into this disclosure.

TECHNICAL FIELD

This disclosure relates generally to speech recognition.

BACKGROUND

Speech recognition includes processes for converting spo-
ken words to text or other data. In general speech recognition
systems translate verbal utterances into a series of computer-
readable sounds and compare those sounds to known words.
For example, a microphone may accept an analog signal,
which is converted into a digital form that is then divided into
smaller segments. The digital segments can be compared to
the smallest elements of a spoken language, called phonemes
(or “phones”). Based on this comparison, and an analysis of
the context in which those sounds were uttered, the system is
able to recognize the speech.

To this end, a typical speech recognition system may
include an acoustic model, a language model, and a dictio-
nary. Briefly, an acoustic model includes digital representa-
tions of individual sounds that are combinable to produce a
collection of words, phrases, etc. A language model assigns a
probability that a sequence of words will occur together in a
particular sentence or phrase. A dictionary transforms sound
sequences into words that can be understood by the language
model.

SUMMARY

Described herein are speech recognition systems that may
perform the following operations: receiving audio at a com-
puting device; identifying a language associated with the
audio; recognizing the audio using recognition models for
different versions of the language to produce recognition
candidates for the audio, where the recognition candidates are
associated with corresponding information; comparing the
information of the recognition candidates to identify agree-
ment between at least two of the recognition models; select-
ing a recognition candidate based on information of the rec-
ognition candidate and agreement between the at least two of
the recognition models; and outputting data corresponding to
the selected recognition candidate as a recognized version of
the audio. The speech recognition systems may include one or
more of the following features, either alone or in combina-
tion.

Identification of the candidate language may be performed
prior to, or concurrent with, recognition of the audio using the
recognition models for different versions of the language. The
different versions of the language may include different
accents or dialects with which the language is spoken.

The operations may include selecting the recognition mod-
els for the different versions of the language. The operations
may include identifying all available recognition models for
the different versions of the language, and selecting all avail-
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2

able recognition models. The recognition models may be
selected based on input from a user from whom the audio is
received.

Selecting the recognition models may include: identifying
the language based on previously-received audio; and select-
ing recognition models corresponding to the identified lan-
guage.

Selecting the language recognition may include: identify-
ing the language based on previously-received audio; output-

0 ting data corresponding a user interface that presents an iden-

tity of the identified language; receiving one or more
selections from the user interface corresponding to one or
more versions of the identified language; and selecting rec-
ognition models based on the one or more selections.

Agreement between at least two of the recognition models
may include at least two different recognition models produc-
ing a highest recognition score for a same word or phrase.

Recognition models for different versions of the language
may include constituents of a single, composite recognition
model for the language.

The compared information may include recognition
scores.

The systems and techniques described herein, or portions
thereof, may be implemented as a computer program product
that includes instructions that are stored on one or more
non-transitory machine-readable storage media, and that are
executable on one or more processing devices. The systems
and techniques described herein, or portions thereof, may be
implemented as an apparatus, method, or electronic system
that may include one or more processing devices and memory
to store executable instructions to implement the stated func-
tions.

The details of one or more implementations are set forth in
the accompanying drawings and the description below. Other
features, objects, and advantages will be apparent from the
description and drawings, and from the claims.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 illustrates, conceptually, an example of the speech
recognition processes described herein.

FIG. 2 illustrates an example of a network on which the
speech recognition processes described herein may be imple-
mented.

FIG. 3 illustrates an example of hardware and software
with which the speech recognition processes described herein
may be implemented.

FIG. 4 illustrates a flowchart showing an example of one of
the speech recognition processes described herein.

FIG. 5 shows examples of computing devices on which the
processes described herein, or portions thereof, may be
implemented.

Like reference symbols in the various drawings indicate
like elements.

DETAILED DESCRIPTION

Described herein are processes for performing speech rec-
ognition on different accents or dialects of a language. The
processes may include, e.g., receiving audio, such as speech,
from a user, and identifying a language of the audio, e.g.,
English, Spanish, French, and so forth. The processes may
recognize the audio using various (e.g., all available) recog-
nition models for different versions of the language. For
example, the recognition models may be for different accents
or dialects of the identified language. The recognition models
produce recognition candidates for the audio, which are asso-
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ciated with corresponding recognition scores. The processes
compare the scores of the recognition candidates to identify
agreement between at least two of the recognition models.
For example, if two recognition models indicate that a same
recognition hypothesis most likely corresponds to the audio,
there is agreement between the two recognition models. A
recognition candidate is therefore selected based on its rec-
ognition scores and/or on agreement between the recognition
models. Data corresponding to the selected recognition can-
didate (e.g., text or other audio) is produced, and output as a
recognized version of the audio.

FIG. 1 shows a conceptual example of the foregoing pro-
cesses. Inthe example of FIG. 1, auser 100 of amobile device
101 accesses a speech recognition system 104. In this
example, the mobile device 101 is a cellular telephone having
advanced computing capabilities, known as a smartphone.
Speech recognition system 104 may be hosted by one or more
server(s) (referred to as “server 105) that is/are remote from
mobile device 101. For example, speech recognition system
104 may be part of another service available to users of the
mobile device (e.g., a help service, a search service, etc.).

In this example, mobile device 101 contains an application
(“app”) 107 that receives audio input and that transmits data
representing that input audio to the speech recognition sys-
tem. The app may have any appropriate functionality, e.g., it
may be a search app, a messaging app, an e-mail app, and so
forth. In this regard, an app is used as an example in this case.
However, all or part of the functionality of the app may be part
of'another program downloaded to the mobile device, part of
another program provisioned on the mobile device, part of the
operating system of the mobile device, or part of a service
available to the device. As indicated below, the processes
described herein are not limited to use on a mobile device, but
rather may be used with any appropriate computing device.

In an example, the app may ask the user to identify, before-
hand, the language that the user speaks. The user may select,
e.g., via a touch-screen menu item or voice input, their native
language and accent or dialect (e.g., British English, North
American English, Australian English, and so forth). Alter-
natively, the user’s language and accent or dialect may be
determined based on the audio input itself or based on prior
audio or other input, as described elsewhere herein.

To begin the speech recognition process, user 100 speaks in
alanguage (e.g., North American English) into mobile device
101. App 107 generates audio data 110 that corresponds to the
input speech, and forwards that audio data to server 105.
Speech recognition system 104 on server 105 identifies the
language and accent or dialect from the audio data, recog-
nizes the audio, and generates recognition data 111 corre-
sponding to a recognized version of the audio.

The recognition data may be provided back to mobile
device 101, e.g., to app 107 on mobile device 101. App 107
may use that data to perform one or more functions, e.g., to
open and/or populate a message, to generate a note, and so
forth. The recognition data may be a response to a question
posed by the original audio, and may constitute response
audio that is played back on the mobile device. The recogni-
tion data may be sent to a search service (e.g., a search engine)
as a search query to generate search results that may be sent
back to the mobile device. The recognition data may be used
in other appropriate ways as well.

In some example implementations, the speech recognition
system may include routines for recognizing words, parts of
speech, and the like in the input audio. For example, speech
recognition system 104 may include a front-end system for
breaking sounds into sub-parts and using those sub-parts to
identify phonetic combinations, a hypothesis generator for
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identifying words from the phonetic combinations, and a
syntactic lexicon (e.g., a dictionary) to identify phonetic
sequence. In some examples, the output by the speech recog-
nition system may be a file containing text in a self-describing
computing language, such as XML (eXtensible Markup Lan-
guage) or a variant thereof. Self-describing computing lan-
guages may be useful because they enable tagging of words,
sentences, paragraphs, and grammatical features in a way that
is recognizable to other computer programs. Thus, another
computer program, such as app 107 or a search engine, can
read the text file, identify, e.g., words, sentences, paragraphs,
and grammatical features, and use that information as needed.

In implementations described herein, speech recognition
system 104 accounts for differences in accents and dialects of
a language when recognizing input audio. To this end, the
speech recognition system may include various recognition
models (e.g., combinations of version-specific acoustic mod-
els, language models, and dictionary(ies)) that have been
trained on different versions of the same language. In some
implementations, each recognition model is trained on a dif-
ferent version of the same language, e.g., for English: North
American English, British English, Irish English and so forth;
for Spanish: Castilian Spanish, Argentinean Spanish, Central
American Spanish, and so forth; and similar for other lan-
guages. In some implementations, a single recognition model
may be trained on two or more different versions of the same
language. In any case, the language of the input audio is
identified to determine the appropriate recognition models for
that audio.

The input audio is then processed by the various recogni-
tion models for the identified language. In some implemen-
tations, the audio is processed by all available recognition
models for the identified language (e.g., available language
models for different accents and dialects). Recognition
hypotheses from the various recognition models are com-
pared in order to determine the most likely recognition can-
didate for the input audio. For example, if a majority of the
recognition models identify the same recognition candidate
as the most likely candidate for input audio, then the speech
recognition system may identify that candidate as being rec-
ognition of the input audio. In this example, the most likely
candidate is identified in phonetic form, the spelling thereof'is
obtained, and the resulting data is output. In this context, a
candidate is not limited to a single or sound, but may be a
sequence of sounds, a group of words, a sentence, and so
forth.

By processing input audio in a particular language using
recognition models for different accents or dialects, it may be
possible to generate recognition candidates with increased
accuracy. The recognition accuracy may increase as more
recognition models are used. Furthermore, the use of differ-
ent recognition models in the manner described herein may
alleviate the need for a user to specify the version of a par-
ticular language that the user normally speaks. Still further-
more, the use of different recognition models in the manner
described herein may account for deviations in pronunciation
among speakers of a particular version of a language. For
example, Bostonians may speak North American English;
however, many of their pronunciations may be closer to Brit-
ish English than to standard North American English. The
processes described herein may account for these deviations
automatically, e.g., without additional input on the part of the
user.

The processes described herein may be implemented in an
appropriate network environment, with appropriate devices
and computing equipment. An example of such a network
system is provided below.
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FIG. 2 is ablock diagram showing an example of a network
environment 200 on which the processes described herein
may be implemented. Network environment 200 includes
computing devices 202, 204, 206, 208, 210 that are config-
ured to communicate with a first server system 212 and/or a
second server system 214 over a network 211. Computing
devices 202, 204, 206, 208, 210 have respective users 222,
224,226, 228, 230 associated therewith. The first and second
server systems 212, 214 each includes a computing device
216 and a machine-readable repository, or database 218.
Example environment 200 may include many thousands of
Web sites, computing devices and servers, which are not
shown.

Network 211 may include a large computer network,
examples of which include a local area network (LAN), wide
area network (WAN), the Internet, a cellular network, or a
combination thereof connecting a number of mobile comput-
ing devices, fixed computing devices, and server systems.
The network(s) included in network 211 may provide for
communications under various modes or protocols, examples
of which include Transmission Control Protocol/Internet
Protocol (TCP/IP), Global System for Mobile communica-
tion (GSM) voice calls, Short Electronic message Service
(SMS), Enhanced Messaging Service (EMS), or Multimedia
Messaging Service (MMS) messaging, Code Division Mul-
tiple Access (CDMA), Time Division Multiple Access
(TDMA), Personal Digital Cellular (PDC), Wideband Code
Division Multiple Access (WCDMA), CDMA2000, or Gen-
eral Packet Radio System (GPRS), among others. Commu-
nication may occur through a radio-frequency transceiver. In
addition, short-range communication may occur, e.g., using a
BLUETOOTH, WiF1i, or other such transceiver system.

Computing devices 202 to 210 enable respective users 222
to 230 to access and to view documents, e.g., Web pages
included in Web sites. For example, user 222 of computing
device 202 may view a Web page using a Web browser. The
Web page may be provided to computing device(s) 202 to 210
by server system 212, server system 214 or another server
system (not shown).

In example environment 200, computing devices 202, 204,
206 are illustrated as desktop-type computing devices, com-
puting device 208 is illustrated as a laptop-type computing
device, and computing device 210 is illustrated as a mobile
computing device. It is noted, however, that computing
devices 202 to 210 may include, e.g., a desktop computer, a
laptop computer, a handheld computer, a personal digital
assistant (PDA), a cellular telephone, a network appliance, a
camera, a smart phone, an enhanced general packet radio
service (EGPRS) mobile phone, a media player, a navigation
device, an electronic messaging device, a game console, or a
combination of two or more of these data processing devices
or other appropriate data processing devices. In some imple-
mentations, a computing device may be included as part of'a
motor vehicle (e.g., an automobile, an emergency vehicle
(e.g., fire truck, ambulance), a bus).

In this example implementation, server system 212 stores a
plurality of resources 224, 226, 228. A resource has an asso-
ciated resource identifier (Resource ID). For example,
resources 224, 226, 228 may correspond to services and con-
tent available through, e.g., various Web services.

To access a service, a request may include a uniform
resource indicator (URI) or a uniform resource locator
(URL). A request, including the Resource ID, is transmitted,
e.g., from computing device 204 to server system 212 over
network 211. In response, the server system identifies the
requested resource based on the Resource ID. In this case, the
resource may be a speech recognition system 240. As
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6

described in more detail below, speech recognition system
240 receives input audio, recognizes that input audio, and
generates an output that includes data corresponding to the
recognized audio. The output may include, e.g., a textual
transcription of the audio or other information representative
of'its content.

The output may be provided as data to the computing
device that provided the input audio. For example, a user may
input audio to the speech recognition system through a
mobile device, such as a cellular telephone. The recognized
audio may be provided to the mobile device or another service
and used to control one or more functions associated with the
mobile device. For example, an application on the mobile
device may execute an e-mail or messaging application in
response to command(s) in the recognized audio. Likewise,
as noted, the recognized audio may be used to populate an
e-mail or other message. Processes may be implemented,
either remote from, or local to, the mobile device, to identify
commands in an application, such as “send e-mail” to cause
actions to occur, such as executing an e-mail application, on
the mobile device

In another example, the output (data for the recognized
audio) may be provided as data to a search engine. For
instance, the data may constitute a search query that is to be
input to a search engine. The search engine may identify
content (e.g., Web pages, images, documents, and the like)
that are relevant to the search query, and return that informa-
tion to the computing device that provided the initial audio. In
some implementations, the recognized audio may be pro-
vided to the computing device prior to searching in order to
confirm its accuracy.

In another example, the recognized audio may be used to
determine advertisements related to the topic of the audio.
Such advertisements may be provided in conjunction with
output of the audio content.

FIG. 3 illustrates an example implementation 300 of
speech recognition system 240 of FIG. 2. In this example,
user 304 speaks into a microphone 306 of computer system
302. Computer system 302 may be any of the types of com-
puting devices described above with respect to FIG. 2 or
elsewhere herein.

The user’s speech is sent to computer system 308 over a
network (not shown), which may be any of the types of
networks described above with respect to FIG. 2. Computer
system 308 stores a speech recognizer 310 in memory.
Speech recognizer 310 includes one or more executable mod-
ules that may be executed by one or more processing devices
on computer system 308 to implement the speech recognition
system described herein.

In this example implementation, speech recognizer 310
includes acoustic model 312, language model 318, and a
dictionary 320. Acoustic model 312 is used to recognize
sounds in utterances of speech. Language model 318 is used
to identify recognition candidates that correspond to phonetic
patterns identified by acoustic model 312. Based on the math-
ematical likelihoods of the recognition candidates and
weights associated with the language models, a recognition
candidate may be selected. The recognition candidate is typi-
cally represented phonetically, and not using standard spell-
ings. Speech recognizer 310 can access dictionary 320 to
transforms sound (phoneme) sequences into words that can
be understood by an appropriate language model. Acoustic
model 312 can include multiple version-specific acoustic
models 312a to 312¢; language model 318 can include mul-
tiple version-specific language models 318a to 318e; and
dictionary 320 can include multiple version-specific dictio-
naries (not shown).
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In more detail, acoustic model 312 maps sounds collected
from input audio into component parts, called phonemes (or
“phones”), which are basic sounds of a language’s speech.
For example, standard English can be spoken using approxi-
mately 40 phones, although that number may change for
different versions (e.g., accents or dialects) of English.
Acoustic model 312 identifies sounds and maps them to cor-
responding phones. From the phones, acoustic model 312
identifies one or more sounds that the user 304 may have
spoken. In this example implementation, there are different
acoustic models 3124 to 312¢ for different versions of the
same language. For example, there may be an acoustic model
for different accents and or dialects of a language, e.g., an
acoustic model for British English, an acoustic model for
North American English, an acoustic model for Irish English,
an acoustic model for Australian English, and so forth. In
other implementations, a single acoustic model is used con-
taining sounds for all versions (e.g., accents and/or dialects)
of a language.

In this context, an accent refers to the way that words are
pronounced in a language. For example, tomato may be pro-
nounced “toe-mah-toe” in British English but “ts -may-toe”
in North American English. Dialect refers to differences in
accent, grammar and vocabulary among different versions of
a language. For example, in North America, “elevator” and
“lift” can mean the same thing, e.g., machinery for hoisting
from one floor to another. In another example, in Scottish
English (or “Scots”) the indirect object of a sentence more
often appears before the direct object than after the direct
object, e.g., “Give me it” versus “Give it to me”.

The basic elements of speech can be identical or very
similar. For example, an acoustic model alone may be unable
distinguish between homonyms such as “red”” and “read”. In
another example, an acoustic model may have difficulty with
words that are not homonyms but sound very similar, like
“part” and “pot”, particularly when spoken in a non-rhotic
English accent (e.g., by Brits or Bostonians). In order to
improve accuracy and select a more likely word, speech rec-
ognizer 310 uses language models 318a to 318e¢ to identify
recognition candidate words that may correspond to sounds
identified by the acoustic model(s).

A language model is representative of how a language,
such as English, is spoken generally. A language model may
be generalized using standard word patterns in a language,
e.g., the included words may be weighted based on the sta-
tistical likelihood that each will be used in everyday speech
patterns. Accordingly, language models 318a to 318e con-
tain, among other things, statistical representation of how
often words co-occur in particular speech contexts. In this
example, the speech contexts are accents or dialects of a
single language. Accordingly, language models 318a to 318¢
are designated as “version-specific”, since they are specific to
different versions (e.g., accents or dialects) of a language.

In this regard, a language model may segment training data
into two or three word parts. For example, for any two words
in a language model, the language model may include a
probabilistic distribution as to the identity of the third word.
Words are said to occur if they are used in a sentence without
any intervening words. For example, in the phrase “the quick
brown fox jumped over the lazy dog” co-occurrences of two
words include “the quick™, “quick brown”, “brown fox”, “fox
jumped”, “jumped over”, “over the”, “the lazy”, and “lazy
dog”. Co-occurrences of three words include “The quick
brown”, “quick brown fox”, “brown fox jumped”, “fox
jumped over”, “jumped over the”, “over the lazy”, “the lazy
dog”.
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As noted above, the speech recognizer (including, e.g.,
acoustic models, language models, and dictionary(ies))
described herein may be customized by accent or dialect for
a language. For example, there may be different accent-spe-
cific acoustic models 312a to 312e, e.g., an acoustic model
trained on British English, an acoustic model trained on North
American English, an acoustic model trained on Irish
English, an acoustic model trained on Australian English, an
acoustic model trained on southern American English, and so
forth. Corresponding language models 3184 to 318¢ may be
consulted to determine the likely words represented by
sounds recognized by the acoustic model(s), and may output
phonetic transcriptions of words corresponding to those
sounds (e.g., a recognition candidate). In some cases, mul-
tiple language models 3184 to 318e can be selected and
combined to create a composite language model for different
accents and dialects of a language. There may be separate
dictionary for each acoustic model/language model pair, or a
single dictionary may be used.

Language models 3184 to 318e may each include substan-
tially the same words and phrases but have different weights
associated with at least some of the words phrases included
therein. The weights may be applied to words or phrases
based on the statistical likelihood of each of those words or
phrases appearing in speech in a particular context for a
particular version (accent or dialect) of a language. For
example, in a language model for British English, “lift” may
be used as a noun (meaning “elevator”), as in “taking the lift
to the third floor”. By contrast, in North American English
“lift” may be used as a verb most often and almost never as a
noun, as in “try to lift that”. Accordingly, different weights
may be applied in the British English language model for the
noun version of lift than in the North American English lan-
guage model. Those different weights may be used in gener-
ating recognition hypotheses by each of the language models.
Similar examples include everyday expressions that are com-
mon in some version of a language, but not others. For
example, “straight off”, in used often in British English to
mean “right away”, but less so in North American English.

In another example, words may appear in one language
model but not in another language model, or at least not as
often in another language model. For example, “billabong”
(meaning “watering hole”’) may appear in language model for
Australian English, but not in language models for other
varieties of English. Accordingly, different weights may be
associated with “billabong™ and phrases containing “billa-
bong” in the different language models.

Language models may also account for differences in pro-
nunciation among different versions of the same language.
For example, audio input may be received for the phrase
“where are you going today”. However, when that audio is
spoken with a broad Australian accent, that audio sounds like
“where are you going to die”. The language models may
apply appropriate weights to determine that the likely mean-
ing of “to die” is actually “today”. In a similar example,
different language models may apply appropriate weights to
distinguish between words that can sound similar in a par-
ticular accent, e.g., “kin” and “can” in southern American
English or “black™ and “block™ in inland North American
English. The dictionary may represent “today” with a difter-
ent pronunciation for American or Australian English. If that
were not the case, the acoustic models could change to
accommodate the different renditions of the same written
sounds in two accents.

In some implementations, sounds collected from a user
may be processed in two or more passes. The sounds may be
processed by performing a speech recognition process on the
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audio using general recognition model(s) (e.g., acoustic and
language models) in order to identify the language being
spoken, and then the audio may be applied to the various (e.g.,
two or more) various version-specific recognition models
(e.g., version-specific acoustic model, version-specific lan-
guage model and version-specific dictionary). In this context,
a general recognition model may include models that are
trained with the general vocabulary and syntax of an accepted
standard version of a language, e.g., with the general Ameri-
can accent or standard English accent (so-called “BBC
English™). In other implementations, the language being spo-
ken may be identified based on user input or past audio input,
as described in more detail below.

FIG. 4 is a flow diagram for an example process 400 for
recognizing audio, such as speech. Process 400 may be per-
formed by speech recognizer 310, either alone or in combi-
nation with other appropriate computer programs.

In process 400, audio is received (401). For example,
speech recognizer 310 may receive audio from a computing
device, such as mobile device 210 (FIG. 2). The input audio
referred to herein may include all of the audio received
between designated start and stop times, or a portion or snip-
pet thereof. In the example described here, the audio is input
speech; however, any type of audio may be received. For
example, the audio may be a recorded musical track, a
recorded track associated with video, and so forth. Phones are
identified in the input audio and may be used, as described
below, to identify the language of the audio.

The language of the received audio is identified (402). For
example, speech recognizer 310 may include general acoustic
and language models for various languages, e.g., English,
Spanish, French, and so forth. These general acoustic and
language models may be complete acoustic language models,
e.g., for the full sound spectrum, grammar and vocabulary of
each language, or they may be abbreviated acoustic and lan-
guage models for use in recognizing common or frequently-
used words of a particular language. The input audio may be
processed by these recognition models to identify the lan-
guage of the input audio. For example, input speech may be
processed by recognition models for English, French and
Spanish, and the resulting language identification may be
used, as described below. In some examples, a limited set of
recognition models may be used to perform this initial pro-
cessing. For example, if speech recognizer 310 can identify
the user and also knows that the user is fluent in English and
French, speech recognizer may limit the recognition models
to English and French. In other implementations, a larger set
of recognition models (e.g., all available recognition models)
may be used.

In some implementations, identification (402) of the lan-
guage can occur substantially simultaneously with recogni-
tion of speech in the language described herein. Scores result-
ing from identification and recognition can be combined. This
can occur without significant latency. It is also not necessary
that the same recognition models be used to recognize the
language spoken and to identify the language. Often, the
models used for identification are smaller and differently-
trained.

In other implementations, speech recognizer 310 may
identify (402) the language of the received audio based on
input from a user who is providing the audio. For example, the
user may select, e.g., via a touch-screen menu item or voice
input, their native (or other) language and/or accent or dialect
(e.g., British English, North American English, Australian
English, and so forth). Such a selection may be received and
understood by speech recognizer 310.
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In still other implementations, speech recognizer 310 may
identify (402) the language of the received audio based on
prior input from the user. For example, speech recognizer 310
may identify the user based, e.g., on identification informa-
tion, such as the IP or MAC address of the user’s computing
device, the telephone number of the user’s mobile device,
and/or login information, such as a user ID and password
associated with a user account. The speech recognizer may
consult a profile of the user or other stored information asso-
ciated with the user. In this regard, the user may prevent such
information from being stored, or allow speech recognizer
310 to access such information. The information may
include, e.g., past inputs about which language(s) the user
speaks and/or past determinations about which language(s)
the user speaks based on past input audio.

In the examples above where the language of the user is
determined (rather than input by the user himself or herself),
speech recognizer 310 may request confirmation that the
language determination is correct. For example, speech rec-
ognizer 310 may output data identifying the language. The
data may be incorporated into a user interface, which is also
output by speech recognizer 310 to the user’s computing
device, and which allows the user to confirm that the deter-
mined language is correct and/or to input a correct language
or “try again”, if necessary. In a variant, speech recognizer
310 may identify the determined language, request confirma-
tion, and also request the user to identify, either through menu
input or additional speech commands, their accent or dialect
of the identified language. To this end, a list of available
accents or dialects may be provided audibly or visually.

The identified language is used to select (403) recognition
models for use in recognizing the input audio. For example,
speech recognizer 310 may identify, and select, version-spe-
cific acoustic models, language models, and dictionaries for
the identified language. As noted above, the version-specific
acoustic models, language models, and dictionaries, in this
example, are acoustic models, language models, and dictio-
naries that have been trained using different accents and dia-
lects of the identified language. In one of the examples pro-
vided above, the version-specific recognition models for
English include an acoustic model, a language model, and a
dictionary for British English, an acoustic model, a language
model, and a dictionary for North American English, an
acoustic model, a language model, and a dictionary for Irish
English, an acoustic model, a language model, and a dictio-
nary for Australian English, and an acoustic model, a lan-
guage model, and a dictionary for southern American
English, among others. In this regard, individual recognition
models may be parts of hierarchies. For example, North
American English may include sub-models for southern
American English, Canadian English, inland North American
English, and so forth.

In some implementations, all available version-specific
recognition models for the identified language may be
selected (403). So, in the above example, regardless of
whether it is known that the user is from North America, a
recognition model for British English, a recognition model
for North American English, a recognition model for Irish
English, a recognition model for Australian English, a recog-
nition model for southern American English, and any and all
others, are all selected. In other implementations, one or more
subsets of all available version-specific recognition models
may be selected (403). For example, if it is known that the
user is from North America, a set of recognition models
addressing only the accents and dialects of North America (or
variants thereof) may be selected. In other examples, other
criteria may be used to select (403) a set of recognition mod-
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els for the identified language. The available recognition
models that are selected may be selected from, e.g., one or
more non-transitory storage media.

The input audio is recognized (404) using the selected
recognition models. For example, acoustic model(s) for the
identified language (here, English) identify phonetic patterns
associated with the input audio. Each identified language
model applies the output of the acoustic model(s) to the
corresponding vocabulary, word combinations, and syntax of
that identified language model to produce recognition candi-
dates for the input audio. The recognition candidates are
associated with corresponding scores. The score for each
recognition candidate is indicative of the statistical likelihood
that the recognition candidate is an accurate match for the
input audio. In this example, the higher the score is for a
recognition candidate, the more likely it is that the recogni-
tion candidate is an accurate match for the input audio. In
some implementations, the scores of the different version-
specific language models may be normalized. For example,
the scores may be summed, and each score divided by that
sum to produce a normalized score. In other examples “con-
fidence scores”, are determined, which are normalized and
compared across recognizers.

The scores of the recognition candidates from the version-
specific language recognition are compared (405). For
example, speech recognizer 310 may compare all scores with
each other, or a subset thereof with scores in the subset. The
comparison (405) may be performed to identify agreement
among two or more of the version-specific recognition mod-
els. The agreement may be that the two (or more) more
version-specific recognition models have come to the same
conclusion with respect to the input audio. For example,
recognition candidates produced by the different recognition
models may have generated the highest scores for the same
word of phrase. By way of example, the audio may be a
command to “search for pots”. While recognition models for
non-rhotic versions English alone may have difficulty distin-
guishing this phrase from “search for parts” (and, thereby, not
necessarily generate higher recognition scores for “search for
pots”), the majority of selected recognition models (for rhotic
versions of English) will provide the highest recognition
scores to “search for pots”, which is the correct recognition of
the audio input.

In other implementations, processing other than, or in addi-
tion to, comparing may be performed to identify agreement
among language models.

In other example implementations, agreement does not
necessarily require that two more version-specific recogni-
tion models have come to the same conclusion with respect to
the input audio. For example, agreement may be signified by
two or more version-specific recognition models assigning
high scores to the same recognition candidate. For example, a
high score may be a top score among recognition candidates,
a score in the top 5%, 10%, 25%, etc. of recognition scores.
Constraints as to what constitutes an agreement may be pre-
set in the recognition system or they may be configured
dynamically, e.g., on a user-by-user basis.

A recognition candidate is selected (406) based on the
recognition scores (e.g., which are highest) and agreement
between two or more of the version-specific language mod-
els. For example if two or more of the recognition models
have the highest normalized scores for a particular recogni-
tion candidate, and no other language models, either individu-
ally or as a group, have produced higher recognition scores,
then the recognition candidate may be designated by speech
recognizer 310 as the correct recognition of the input audio.
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In some examples, if available, other factors may influence
the ultimate recognition scores. For example, if the input
audio is for “I'm going today”, but is pronounced by an
Australian as “I’m going to die”, and it is known that the user
is a resident of Sydney, Australia, then the Australian English
recognition model, and its corresponding output, may be
weighted more heavily than others of the language models. If
it is known for a fact that the user is a speaker of Australian
English, then process 400 may still be performed, e.g., input
audio from the user may be processed by all available lan-
guage models or a portion thereof. In such cases, process 400
can still increase recognition accuracy, since speakers of a
particular version of a language do not generally conform to
all norms of that version and may exhibit speech characteris-
tics (e.g., speech patterns, vocabulary, intonations, and so
forth) that are more prevalent in other versions of the lan-
guage.

The selected output may be a phonetic representation of the
input audio, along with other appropriate information identi-
fying the word or phrase. A dictionary 320 may be used to
transforms phone sequences from an acoustic model in words
that can be understood by a corresponding language model.

Data corresponding to the selected recognition candidate is
output (407). For example, speech recognizer may output
(407) the data to the appropriate device or process. In differ-
ent examples, the output may be formatted as part of an XML
file, a text transcription, a command or command sequence, a
search query, and so forth. The data may be presented to the
user, either audibly or visually, or it may be used as part of a
process either on the user’s device or elsewhere. For example,
a transcription of the input audio may be applied to a trans-
lation service, which may be programmed to generate an
audio and/or textual translation of the input audio into
another, different language (e.g., from English to French) for
output to the user’s computing device. In some examples, the
user may be able to specify the accent or dialect of the target
language for the output audio. For example, if the input lan-
guage is North American English, the user may be able to
specify, e.g., Quebec or Haitian French. The specification of
the accent or dialect may be done in response to an input from
the user or it may be performed based on analysis of the input
audio. For example, the system may select a version of the
target language that is closest, geographically, to the version
of'the input language. Alternatively, the system may select the
most popular (e.g., in terms of numbers of speakers) version
of'the target language. Other appropriate criteria may be used
to select the accent and/or dialect of the target language.

Other examples of use of the recognized audio are above.

Recognition candidates with the highest score may be
indicative of the version of a language that the user speaks.
For example, if all, or a majority of, recognition candidates
for input audio are from North American language models, it
may be assumed that the user is a speaker of North American
English and, furthermore, that the user would like access to
services specific to that version of English. Accordingly, if the
input audio constitutes a search query, for example, then
speech recognizer 310 may direct the search query to a search
engine (or other service) that is specific to the North American
(or North American English) market.

Although the foregoing examples focus primarily on dif-
ferent versions of the English language, the processes
described herein are applicable to other languages. In this
regard, accents and dialects are common in most, if not all
languages of the world. Accordingly, the processes described
herein can be used to enhance speech recognition in a variety
of languages.
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The difference between an accent or dialect and a different
language may sometimes be blurred. For example, Italians
speak in a variety of languages, which are referred to as
“dialects”, mainly for political reasons. Strictly speaking,
however, many languages of [taly are not dialects of standard
Italian, since those other languages (e.g., Venetian, Sicilian,
Sardinian, and so forth) evolved directly from Latin and not
from standard Italian (originally spoken only in Tuscany).
Accordingly, the processes described herein may be used
with related languages, and not just with accents and dialects
of the same language. For example, in some instances, e.g.,
for languages that are mutually intelligible, like some of the
“dialects” of Italy, Russian and Ukrainian, and so forth, pro-
cess 400 may be performed using recognition models for each
of those different languages, in addition to recognition mod-
els for the dialects and accents associated with those lan-
guages. Processing across languages may be limited if the
languages are not sufficiently mutually intelligible. In such
cases, process 400 may be modified to identify the language
of the input audio and other languages (e.g., mutually intel-
ligible or other related languages) whose language models
may be used to perform speech recognition

FIG. 5 shows examples of computing devices on which the
processes described herein, or portions thereof, may be
implemented. In this regard, FIG. 5 shows an example of a
generic computing device 500 and a generic mobile comput-
ing device 550, which may be used to implement the pro-
cesses described herein, or portions thereof. For example,
speech recognizer 310 may be implemented on computing
device 500. Mobile computing device 550 may represent a
client device of FIG. 1. Other client devices of FIG. 1 may
also have the architecture of computing device 500.

Computing device 500 is intended to represent various
forms of digital computers, examples of which include lap-
tops, desktops, workstations, personal digital assistants, serv-
ers, blade servers, mainframes, and other appropriate com-
puters. Computing device 550 is intended to represent various
forms of mobile devices, examples of which include personal
digital assistants, cellular telephones, smartphones, and other
similar computing devices. The components shown here,
their connections and relationships, and their functions, are
meant to be exemplary only, and are not meant to limit imple-
mentations of the implementations described and/or claimed
in this document.

Computing device 500 includes a processor 502, memory
504, a storage device 506, a high-speed interface 508 con-
necting to memory 504 and high-speed expansion ports 510,
and a low speed interface 512 connecting to low speed bus
514 and storage device 506. Components 502, 504, 506, 508,
510, and 512, are interconnected using various busses, and
may be mounted on a common motherboard or in other man-
ners as appropriate. The processor 502 may process instruc-
tions for execution within the computing device 500, includ-
ing instructions stored in the memory 504 or on the storage
device 506 to display graphical information for a GUI on an
external input/output device, for example, display 516
coupled to high speed interface 508. In other implementa-
tions, multiple processors and/or multiple buses may be used,
as appropriate, along with multiple memories and types of
memory. Also, multiple computing devices 500 may be con-
nected, with a device providing a portion of the necessary
operations (e.g., as a server bank, a group of blade servers, or
a multi-processor system).

The memory 504 stores information within the computing
device 500. In one implementation, the memory 504 is a
volatile memory unit or units. In another implementation, the
memory 504 is a non-volatile memory unit or units. The
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memory 504 may also be another form of computer-readable
medium, examples of which include a magnetic or optical
disk.

The storage device 506 is capable of providing mass stor-
age for the computing device 500. In one implementation, the
storage device 506 may be or contain a computer-readable
medium, examples of which include a floppy disk device, a
hard disk device, an optical disk device, or a tape device, a
flash memory or other similar solid state memory device, or
an array of devices, including devices in a storage area net-
work or other configurations. A computer program product
may be tangibly embodied in an information carrier. The
computer program product may also contain instructions that,
when executed, perform one or more methods, including
those described above. The information carrier may be a
non-transitory computer- or machine-readable medium, for
example, the memory 504, the storage device 506, or memory
on processor 502. For example, the information carrier may
be a non-transitory, machine-readable storage medium.

The high speed controller 508 manages bandwidth-inten-
sive operations for the computing device 500, while the low
speed controller 512 manages lower bandwidth-intensive
operations. Such allocation of functions is exemplary only. In
one implementation, the high-speed controller 508 is coupled
to memory 504, display 516 (e.g., through a graphics proces-
sor or accelerator), and to high-speed expansion ports 510,
which may accept various expansion cards (not shown). Inthe
implementation, low-speed controller 512 is coupled to stor-
age device 506 and low-speed expansion port 514. The low-
speed expansion port, which may include various communi-
cation ports (e.g., USB, Bluetooth, Ethernet, wireless
Ethernet) may be coupled to one or more input/output
devices, e.g., a keyboard, a pointing device, a scanner, or a
networking device, e.g., a switch or router, e.g., through a
network adapter.

The computing device 500 may be implemented in a num-
ber of different forms, as shown in the figure. For example, it
may be implemented as a standard server 520, or multiple
times in a group of such servers. It may also be implemented
as part of a rack server system 524. In addition, it may be
implemented in a personal computer, e.g., a laptop computer
522. Alternatively, components from computing device 500
may be combined with other components in a mobile device
(not shown), e.g., device 550. Such devices may contain one
or more of computing device 500, 550, and an entire system
may be made up of multiple computing devices 500, 550
communicating with one other.

Computing device 550 includes a processor 552, memory
564, an input/output device, e.g. a display 554, a communi-
cation interface 566, and a transceiver 568, among other
components. The device 550 may also be provided with a
storage device, e.g., a microdrive or other device, to provide
additional storage. The components 550, 552, 564, 554, 566,
and 568, are interconnected using various buses, and several
of the components may be mounted on a common mother-
board or in other manners as appropriate.

The processor 552 may execute instructions within the
computing device 550, including instructions stored in the
memory 564. The processor may be implemented as a chipset
of chips that include separate and multiple analog and digital
processors. The processor may provide, for example, for
coordination of the other components of the device 550, e.g.,
control of user interfaces, applications run by device 550, and
wireless communication by device 550.

Processor 552 may communicate with a user through con-
trol interface 558 and display interface 556 coupled to a
display 554. The display 554 may be, for example, a TFT
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LCD (Thin-Film-Transistor Liquid Crystal Display) or an
OLED (Organic Light Emitting Diode) display, or other
appropriate display technology. The display interface 556
may include appropriate circuitry for driving the display 554
to present graphical and other information to a user. The
control interface 558 may receive commands from a user and
convert them for submission to the processor 552. In addition,
an external interface 562 may be provide in communication
with processor 552, so as to enable near area communication
of'device 550 with other devices. External interface 562 may
provide, for example, for wired communication in some
implementations, or for wireless communication in other
implementations, and multiple interfaces may also be used.

The memory 564 stores information within the computing
device 550. The memory 564 may be implemented as one or
more of a computer-readable medium or media, a volatile
memory unit or units, or a non-volatile memory unit or units.
Expansion memory 574 may also be provided and connected
to device 550 through expansion interface 572, which may
include, for example, a SIMM (Single In [Line Memory Mod-
ule) card interface. Such expansion memory 574 may provide
extra storage space for device 550, or may also store applica-
tions or other information for device 550. Specifically, expan-
sion memory 574 may include instructions to carry out or
supplement the processes described above, and may include
secure information also. Thus, for example, expansion
memory 574 may be provide as a security module for device
550, and may be programmed with instructions that permit
secure use of device 550. In addition, secure applications may
be provided by the SIMM cards, along with additional infor-
mation, e.g., placing identifying information on the SIMM
card in a non-hackable manner.

The memory may include, for example, flash memory and/
or NVRAM memory, as discussed below. In one implemen-
tation, a computer program product is tangibly embodied in
an information carrier. The computer program product con-
tains instructions that, when executed, perform one or more
methods, including those described above. The information
carrier is a computer- or machine-readable medium, e.g., the
memory 564, expansion memory 574, memory on processor
552, or a propagated signal that may be received, for example,
over transceiver 568 or external interface 562.

Device 550 may communicate wirelessly through commu-
nication interface 566, which may include digital signal pro-
cessing circuitry where necessary. Communication interface
566 may provide for communications under various modes or
protocols, examples of which include GSM voice calls, SMS,
EMS, or MMS messaging, CDMA, TDMA, PDC, WCDMA,
CDMA2000, or GPRS, among others. Such communication
may occur, for example, through radio-frequency transceiver
568. In addition, short-range communication may occur, €.g.,
using a Bluetooth, Wi-Fi, or other such transceiver (not
shown). In addition, GPS (Global Positioning System)
receiver module 570 may provide additional navigation- and
location-related wireless data to device 550, which may be
used as appropriate by applications running on device 550.

Device 550 may also communicate audibly using audio
codec 560, which may receive spoken information from a
user and convert it to usable digital information. Audio codec
560 may likewise generate audible sound for a user, e.g.,
through a speaker, e.g., in ahandset of device 550. Such sound
may include sound from voice telephone calls, may include
recorded sound (e.g., voice electronic messages, music files,
etc.) and may also include sound generated by applications
operating on device 550.

The computing device 550 may be implemented in a num-
ber of different forms, as shown in the figure. For example, it
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may be implemented as a cellular telephone 580. It may also
be implemented as part of a smartphone 582, personal digital
assistant, or other similar mobile device.

Various implementations of the systems and techniques
described here may be realized in digital electronic circuitry,
integrated circuitry, specially designed ASICs (application
specific integrated circuits), computer hardware, firmware,
software, and/or combinations thereof. These various imple-
mentations may include implementation in one or more com-
puter programs that are executable and/or interpretable on a
programmable system including at least one programmable
processor, which may be special or general purpose, coupled
to receive data and instructions from, and to transmit data and
instructions to, a storage system, at least one input device, and
at least one output device.

These computer programs (also known as programs, soft-
ware, software applications or code) include machine instruc-
tions for a programmable processor, and may be implemented
in a high-level procedural and/or object-oriented program-
ming language, and/or in assembly/machine language. As
used herein, the terms “machine-readable medium” “com-
puter-readable medium” refers to a computer program prod-
uct, apparatus and/or device (e.g., magnetic discs, optical
disks, memory, Programmable Logic Devices (PLDs)) used
to provide machine instructions and/or data to a program-
mable processor, including a machine-readable medium that
receives machine instructions as a machine-readable signal.
The term “machine-readable signal” refers to a signal used to
provide machine instructions and/or data to a programmable
processor.

To provide for interaction with a user, the systems and
techniques described here may be implemented on a com-
puter having a display device (e.g., a CRT (cathode ray tube)
or LCD (liquid crystal display) monitor) for displaying infor-
mation to the user and a keyboard and a pointing device (e.g.,
a mouse or a trackball) by which the user may provide input
to the computer. Other kinds of devices may be used to pro-
vide for interaction with a user as well; for example, feedback
provided to the user may be a form of sensory feedback (e.g.,
visual feedback, auditory feedback, or tactile feedback); and
input from the user may be received in a form, including
acoustic, speech, or tactile input.

The systems and techniques described here may be imple-
mented in a computing system that includes a back end com-
ponent (e.g., as a data server), or that includes a middleware
component (e.g., an application server), or that includes a
front end component (e.g., a client computer having a graphi-
cal user interface or a Web browser through which a user may
interact with an implementation of the systems and tech-
niques described here), or a combination of such back end,
middleware, or front end components. The components of the
system may be interconnected by a form or medium of digital
data communication (e.g., a communication network).
Examples of communication networks include a local area
network (“LAN”), a wide area network (“WAN”), and the
Internet.

The computing system may include clients and servers. A
client and server are generally remote from one other and
typically interact through a communication network. The
relationship of client and server arises by virtue of computer
programs running on the respective computers and having a
client-server relationship to one other.

In some implementations, the engines described herein
may be separated, combined or incorporated into a single or
combined engine. The engines depicted in the figures are not
intended to limit the systems described here to the software
architectures shown in the figures.
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For situations in which the systems discussed here collect
personal information about users, or may make use of per-
sonal information, the users may be provided with an oppor-
tunity to control whether programs or features collect per-
sonal information (e.g., information about a user’s social
network, social actions or activities, profession, a user’s pref-
erences, or a user’s current location), or to control whether
and/or how to receive content from the content server that
may be more relevant to the user. In addition, certain data may
be anonymized in one or more ways before it is stored or used,
so that personally identifiable information is removed. For
example, a user’s identity may be anonymized so that no
personally identifiable information can be determined for the
user, or a user’s geographic location may be generalized
where location information is obtained (such as to a city, ZIP
code, or state level), so that a particular location of a user
cannot be determined. Thus, the user may have control over
how information is collected about him or her and used by a
content server.

Elements of different implementations described herein
may be combined to form other implementations not specifi-
cally set forth above. Elements may be left out of the pro-
cesses, computer programs, Web pages, etc., described herein
without adversely affecting their operation. In addition, the
logic flows depicted in the figures do not require the particular
order shown, or sequential order, to achieve desirable results.
Various separate elements may be combined into one or more
individual elements to perform the functions described
herein.

The features described herein may be combined in a single
system, or used separately in one or more systems.

Other implementations not specifically described herein
are also within the scope of the following claims.

What is claimed is:

1. A computer-implemented method comprising:

receiving audio data that encodes an utterance;

providing the audio data to multiple speech recognizers
that are each trained on a different dialect or accent of a
same language;

receiving, from each of the multiple speech recognizers
that are each trained on a different dialect or accent of a
same language, (i) a transcription of the utterance, and
(ii) a speech recognition confidence score;

selecting, from among the transcriptions of the utterance
that are received from the multiple speech recognizers,
one or more particular transcriptions that were each
generated by two or more of the multiple speech recog-
nizers;

selecting, from among the one or more particular transcrip-
tions that were each generated by two or more of the
multiple speech recognizers, a representative transcrip-
tion based at least on the speech recognition confidence
scores associated with the particular transcriptions; and

providing the representative transcription for output.

2. The method of claim 1, comprising:

identifying a language associated with the utterance prior
to, or concurrent with, providing the audio data to the
multiple speech recognizers that are each trained on a
different dialect or accent of a same language.

3. The method of claim 1, comprising:

selecting the multiple speech recognizers that are each
trained on a different dialect or accent of a same lan-
guage.

4. The method of claim 3, wherein selecting the multiple

speech recognizers that are each trained on a different dialect
or accent of a same language comprises:
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identifying all available speech recognizers that are trained

on a dialect or accent of the language; and

selecting all of the available speech recognizers that are

trained on a dialect or accent of the language.

5. The method of claim of claim 3, comprising selecting the
multiple speech recognizers that are each trained on a differ-
ent dialect or accent of a same language based on input from
a user.

6. The method of claim 3, wherein selecting the multiple
speech recognizers that are each trained on a different dialect
or accent of a same language comprises:

identifying a language associated with the utterance based

on previously received audio data; and

selecting the multiple speech recognizers that are each

trained on a different dialect or accent of the identified
language.

7. The method of claim 3, wherein selecting the multiple
speech recognizers that are each trained on a different dialect
or accent of a same language based on input from a user
comprises:

identifying a language associated with the utterance based

on previously received audio data;

providing, for display at a user interface, information indi-

cating the identified language;

receiving data indicating one or more selections corre-

sponding to one or more dialects or accents of the iden-
tified language, wherein the selections are made from
the user interface; and

selecting multiple speech recognizers that are each trained

on one of the selected dialects or accents of the identified
language.

8. The method of claim 1, wherein selecting the represen-
tative transcription based at least on the speech recognition
confidence scores associated with the particular transcrip-
tions comprises:

determining, for each of the two or more of the multiple

speech recognizers that generated the particular tran-
scription selected as the representative transcription,
that the speech recognition confidence score associated
with the particular transcription and received from the
speech recognizer is a highest speech recognition con-
fidence score among all speech recognition confidence
scores associated with transcriptions of the utterance
generated by the speech recognizer.

9. The method of claim 1, wherein the multiple speech
recognizers that are each trained on a different dialect or
accent of a same language are constituents of a single, com-
posite speech recognizer for a language.

10. One or more non-transitory machine-readable media
storing instructions that are executable to perform operations
comprising:

receiving audio data that encodes an utterance;

providing the audio data to multiple speech recognizers

that are each trained on a different dialect or accent of a
same language;
receiving, from each of the multiple speech recognizers
that are each trained on a different dialect or accent of a
same language, (i) a transcription of the utterance, and
(ii) a speech recognition confidence score;

selecting, from among the transcriptions of the utterance
that are received from the multiple speech recognizers,
one or more particular transcriptions that were each
generated by two or more of the multiple speech recog-
nizers;

selecting, from among the one or more particular transcrip-

tions that were each generated by two or more of the
multiple speech recognizers, a representative transcrip-
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tion based at least on the speech recognition confidence
scores associated with the particular transcriptions; and
providing the representative transcription for output.

11. The non-transitory machine-readable media of claim
10, wherein the operations comprise:

identifying a language associated with the utterance prior

to, or concurrent with, providing the audio data to the
multiple speech recognizers that are each trained on a
different dialect or accent of a same language.

12. The non-transitory machine-readable media of claim
10, wherein the operations comprise:

selecting the multiple speech recognizers that are each

trained on a different dialect or accent of a same lan-
guage.

13. The non-transitory machine-readable media of claim
12, wherein selecting the multiple speech recognizers that are
each trained on a different dialect or accent of a same lan-
guage comprises:

identifying all available speech recognizers that are trained

on a dialect or accent of the language; and

selecting all of the available speech recognizers that are

trained on a dialect or accent of the language.

14. The non-transitory machine-readable media of claim
12, wherein the operations comprise selecting the multiple
speech recognizers that are each trained on a different dialect
or accent of a same language based on input from a user.

15. The non-transitory machine-readable media of claim
12, wherein selecting the multiple speech recognizers that are
each trained on a different dialect or accent of a same lan-
guage comprises:

identifying a language associated with the utterance based

on previously received audio data; and

selecting the multiple speech recognizers that are each

trained on a different dialect or accent of the identified
language.

16. The non-transitory machine-readable media of claim
12, wherein selecting the multiple speech recognizers that are
each trained on a different dialect or accent of a same lan-
guage based on input from a user comprises:

identifying a language associated with the utterance based

on previously received audio data;

providing, for display at a user interface, information indi-

cating the identified language;

receiving data indicating one or more selections corre-

sponding to one or more dialects or accents of the iden-
tified language, wherein the selections are made from
the user interface; and

selecting the multiple speech recognizers that are each

trained on one of the selected dialects or accents of the
identified language.
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17. The non-transitory machine-readable media of claim
10, wherein selecting the representative transcription based at
least on the speech recognition confidence scores associated
with the particular transcriptions comprises:
determining, for each of the two or more of the multiple
speech recognizers that generated the particular tran-
scription selected as the representative transcription,
that the speech recognition confidence score associated
with the particular transcription and received from the
speech recognizer is a highest speech recognition con-
fidence score among all speech recognition confidence
scores associated with transcriptions of the utterance
generated by the speech recognizer.
18. The non-transitory machine-readable media of claim
10, wherein the multiple speech recognizers that are each
trained on a different dialect or accent of a same language are
constituents of a single, composite speech recognizer for a
language.
19. A system comprising:
one or more processing apparatus;
a non-transitory computer-readable storage device having
stored thereon instructions that, when executed by the
one or more data processing apparatus, cause the one or
more data processing apparatus to performing opera-
tions comprising:
receiving audio data that encodes an utterance;
providing the audio data to multiple speech recognizers
that are each trained on a different dialect or accent of
a same language;

receiving, from each of the multiple speech recognizers
that are each trained on a different dialect or accent of
a same language, (i) a transcription of the utterance,
and (ii) a speech recognition confidence score;

selecting, from among the transcriptions of the utterance
that are received from the multiple speech recogniz-
ers, one or more particular transcriptions that were
each generated by two or more of the multiple speech
recognizers;

selecting, from among the one or more particular tran-
scriptions that were each generated by two or more of
the multiple speech recognizers, a representative tran-
scription based at least on the speech recognition con-
fidence scores associated with the particular tran-
scriptions; and

providing the representative transcription for output.

20. The system of claim 19, wherein the operations com-
prise:

selecting the multiple speech recognizers that are each
trained on a different dialect or accent of a same lan-

guage.



